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2Introduction
Happiness is typically defined by how people experience and evaluate their lives as a whole.1
Since the majority of people spend much of their lives at work, it is critically important to gain a
solid understanding of the role that employment and the workplace play in shaping happiness for
individuals and communities around the world.
In this chapter, we focus largely on the role of work and employment in shaping people’s
happiness, and investigate how employment status, job type, and workplace characteristics relate
to measures of subjective wellbeing. Nevertheless, it is important to note from the onset that the
relationship between happiness and employment is a complex and dynamic interaction that runs
in both directions. Recent research shows that work and employment are not only drivers of
happiness, but that happiness can also itself help to shape job market outcomes, productivity, and
even firm performance.2
The overwhelming importance of having a job for happiness is evident throughout the analysis,
and holds across all of the world’s regions. When considering the world’s population as a whole,
people with a job evaluate the quality of their lives much more favorably than those who are
unemployed. The importance of having a job extends far beyond the salary attached to it, with
non-pecuniary aspects of employment such as social status, social relations, daily structure, and
goals all exerting a strong influence on people’s happiness.
The importance of employment for people’s subjective wellbeing shines a spotlight on the
misery and unhappiness associated with being unemployed. In this chapter, we delve into
unemployment and build on the existing research literature to show empirically that individuals
do not adapt over time to becoming unemployed and that unemployment can even have a
“scarring” effect after regaining employment. The data also show that high unemployment has
spillover effects, and negatively affects everyone - even those who are employed. These results
are obtained at the individual level but they also come through at the macroeconomic level, with
national unemployment levels correlating negatively with average national wellbeing across the
world.
3We also consider how happiness relates to the types of job that people do. The overarching
finding on job type is that data from around the globe reveal an important difference in how
blue-collar and white-collar jobs are related to happiness. Even when accounting for any relevant
covariates between these two broad categories of job type, we find that blue-collar labor is
systematically correlated with lower levels of happiness, and that this is true of all labor-
intensive industries such as construction, mining, manufacturing, transport, farming, fishing, and
forestry.
In addition to considering happiness differentials between broad categories of job type, we also
study job quality by focusing on more specific workplace characteristics and how they relate to
employees’ happiness. As might be expected, we find that those in well-paying jobs are happier
and more satisfied with their lives and their jobs, but a number of further aspects of people’s jobs
are strongly predictive of varied measures of happiness. Work-life balance emerges as a
particularly strong predictor of people’s happiness. Further factors include job variety and the
need to learn new things, as well the level of individual autonomy enjoyed by the employee.
Moreover, job security, and social capital (as measured through the support one receives from
fellow workers) are also positively correlated with happiness, while jobs that involve risks to
health and safety are generally associated with lower levels of subjective wellbeing.
The data used in this chapter are drawn mainly from the Gallup World Poll, which covers over
150 countries worldwide and is representative of 98% of the world’s population. Nationally
representative samples of people for these countries have been surveyed for most years
beginning in 2006. These surveying efforts allow the analyses reported in this chapter to
incorporate hundreds of thousands of individual responses that enable us to investigate how
employment status and job type measures relate to the wellbeing of respondents. The Gallup
World Poll is complemented by the European Social Survey for the analysis of how more
specific workplace characteristics relate to happiness, and the German Socio-Economic Panel is
used to illustrate dynamics surrounding unemployment and happiness over time.
For the sake of ease, we use the terms happiness and wellbeing interchangeably. However,
important differences exist between the different elements that make up subjective wellbeing,
and how these relate to employment characteristics. Such differences are captured in this chapter
4by systematically using a number of measures: life evaluation (by way of the Cantril “ladder of
life”3), positive4 and negative5 affect to measure respondents’ experienced positive and negative
wellbeing, as well as the more domain-specific items of job satisfaction6 and employee
engagement7. We find that these diverse measures of subjective wellbeing correlate strongly with
each other, but that there are nevertheless important differences in how they relate to aspects of
work and employment. For example, we find that being self-employed is associated with higher
overall life evaluation in most developed nations, but that self-employment is also associated
with the heightened experience of negative emotions such as stress and worry.
We conclude the chapter by emphasizing the main results and by suggesting a number of
possible subsequent avenues for researchers and policy-makers to consider. Given the
importance of employment for happiness, it is evident that even more weight ought to be given
to fostering employment, as well as protecting people against the damaging effects of
joblessness. Moreover, policies that promote high quality jobs could be stimulated by, for
example, incentivizing employers who provide jobs with working conditions that are conducive
to people’s wellbeing. The results reported in this chapter provide new empirical evidence for
such policies in a global context.
Employment status and subjective wellbeing around the world
In Figure 1 we present differences in the self-reported wellbeing of individuals around the world
according to whether or not they are employed. The bars measure the subjective wellbeing of
individuals of working age8 who are employed (either for an employer or for themselves
regardless of whether they work full-time or part-time) and those who are currently unemployed.
In all cases where we present either global or regional averages such as these, we weight the
averages by national population.9 As can be seen, the difference in average subjective wellbeing
between having and not having a job is very large indeed. This is the case regardless of whether
one considers wellbeing measures that gauge life evaluation or positive and negative affective
states. In fact, the employed evaluate the quality of their lives around 0.6 points higher on
average as compared to the unemployed on a scale from 0 to 10. Equally noteworthy is that
individuals who are unemployed report approximately 30 percent more negative affective
experiences as compared to individuals that are employed. The notion that employment matters
5greatly for the wellbeing of individuals is one of the most robust results to have come out of the
economic study of human happiness.10
[Figure 1 about here]
Figure 1 presents simply the raw wellbeing differentials between those in and out of work. These
descriptive statistics are corroborated in the regression analyses, which break employment status
into finer categories and consider men and women as well as different regions separately. Here
we are able to control for a number of additional variables in a multivariate regression analysis
that may be related to both labor market outcomes as well as subjective wellbeing. These are
gender, age (and its squared term), level of education, (the natural logarithm of) income, marital
status, and household composition. These variables are included in order to avoid so-called
‘omitted variable bias,’ in case these demographic variables might be driving both employment
and happiness and thus lead us to false conclusions on the relationship between work and
wellbeing. Moreover, these regressions incorporate country and year fixed-effects in order to
account for the many political, economic, and cultural differences between countries as well as
year-to-year variation that would otherwise cloud our interpretation of the relationship between
employment and happiness.
In all of our regression analyses throughout the chapter, we standardize the various outcome
variables such that they each have a mean of 0 and a standard deviation of 1 in the whole sample.
This enables us to more easily compare the magnitude of the coefficients across the different
outcomes. The coefficients on each of the employment status indicator variables in Table 1
estimate the difference in standard deviation units of each of the three outcome variables (life
evaluation, positive affect, and negative affect) associated with holding that status, as compared
to being employed full-time for an employer, controlling for income as well the other
demographic variables noted above.
As can be seen, the unemployed evaluate the overall state of their lives less highly on the Cantril
ladder and experience more negative emotions in their day-to-day lives as well as fewer positive
ones. These are among the most widely accepted and replicated findings in the science of
6happiness.11 Here, income is being held constant along with a number of other relevant
covariates, showing that these unemployment effects go well beyond the income loss associated
with losing one’s job.12
While we are able to control for a number of confounding variables in this analysis, one further
important methodological concern is the possibility of so-called ‘reverse causality.’ Indeed, as
noted, there is some evidence that the relationship between employment and happiness is
dynamic in nature and may run in both directions. That is to say that happier individuals may be
somewhat more likely to obtain employment in the first place or that unhappy people may be
more likely to lose their jobs.13 This means that the cross-sectional results reported in this
chapter - and much of the related literature - cannot be interpreted causally and require this
important caveat. Nevertheless, while this important methodological proviso needs to be noted, a
number of studies have shown that the damaging effects of unemployment remain large in
within-person longitudinal analyses, which hold constant an individual fixed effect,14 while
others have leveraged external employment shocks - namely plant closures - to further
demonstrate the causal effects of unemployment on subjective wellbeing.15
If unemployment is so bad, what about part-time work? As one might expect, much depends
here on whether one actually wants to work any more hours. If the respondent is underemployed
- that is, is seeking to work more hours than they currently do - then, in line with intuition, there
remains some scope for happiness gains through increasing their employment. This is not the
case for individuals who report actually preferring to be part-time employed. In fact, part-time
employed individuals who do not seek more hours of work report greater happiness and less
negative experiences (such as stress and worry) as compared to full-time employed people,
controlling for income and other confounding variables. As will be noted later, this particular
finding applies mostly to women rather than men.
Being self-employed has a complex relationship to wellbeing.16 While the global data indicate
that self-employment is generally associated with lower levels of happiness as compared to being
a full-time employee, the follow-up analyses reported later in this chapter show that this very
7much depends on the region of the world that is being considered as well as which measure of
subjective wellbeing is under consideration.
[Table 1 about here]
In Figure 2 and Table 2 we investigate whether the relationship between employment and
wellbeing varies by gender. Being of working age and out of the labor force has a different
effect on the subjective wellbeing of men and women. The data suggest that not participating in
the labor market (for example by being a stay-at-home parent, being out of the labor force
through disability, or being retired) is worse for the happiness of men than it is for women. Both
men and women of working age who are out of the labor force evaluate their lives more
negatively than those in full-time work, but the effect is much stronger for men. Moreover,
while men in this situation experience higher negative and lower positive affect, there is no
statistically significant difference between the daily emotional experiences of women who are
out of the labor force and those who are full-time employees.
In line with the existing body of research, the results indicate that unemployment is devastating
for the wellbeing of both men and women. Nevertheless, the effects of joblessness tend to be felt
more strongly by men. One further notable gender difference regards part-time work. Women
who work part-time but who do not wish for any more hours experience fewer negative affective
states (such as stress and worry) in their day-to-day lives and more positive ones as compared to
full-time employed women, whereas the same is not the case for men.
[Table 2 about here]
[Figure 2 about here]
In Figure 3 and Table 3 we investigate whether the relationship between employment and
wellbeing varies by world region.17 As can be seen in Figure 3, across all of the world regions,
we find that individuals in employment generally report higher life evaluation and positive affect
than those who are unemployed. The unemployed also report more negative affective
experiences across all regions around the world. The magnitude of the regression coefficients on
8being unemployed reported in panel A of Table 3 does, however, indicate that the strength of the
relationship to life evaluation is less pronounced in South Asia and Southeast Asia. Furthermore,
panel B in Table 3 shows that for these two regions there does not appear to be a statistically
significant relationship between unemployment and positive affective experiences, although
panel C in Table 3 notes a significantly higher level of negative affective experiences.
In terms of self-employment, the results reveal an interesting reversal across regions. Being self-
employed tends to be associated with higher life evaluation and positive affect (as compared to
being a full-time employee) across Europe, North America, Australia, New Zealand, the
Commonwealth of Independent States, and East Asia. However, individuals that are self-
employed in Latin America, the Caribbean, and Sub-Saharan Africa tend to report lower life
evaluation and less positive affective experience. Interestingly, however, although in some
regions self-employment is associated with higher levels of life evaluation, most regions do
converge in terms of showing that employing oneself and running one’s own business is
generally associated with the experience of more negative emotions such as stress and worry.18
[Figure 3 about here]
[Table 3 about here]
Unemployment dynamics and spillovers
Unemployment is damaging to people’s happiness, but how short-lived is the misery associated
with being out of work? People tend to adapt to many different circumstances, and
unemployment may well be one of them. If the pain is only fleeting and people quickly get used
to being unemployed, then we might see joblessness as less of a key public policy priority in
terms of happiness. However, a number of studies have demonstrated that people do not adapt
much, if at all, to being unemployed.19 We cannot show this dynamic using the Gallup World
Poll, which provides repeated snapshots of countries across the world, but we can instead look to
longitudinal data from the German Socio-Economic Panel, which has each year since 1984
surveyed and re-surveyed the same large random sample of the German population.
9We are interested in two issues here: adaptation and scarring. First, in Figure 4 we investigate
whether people adapt to being jobless as they spend longer and longer out of work.20 As can be
seen, there is a large initial shock to becoming unemployed, and then as people stay unemployed
over time their levels of life satisfaction remain low. A second issue is scarring: several studies
have shown that even once a person becomes re-employed, the prior experience of
unemployment leaves a mark on his or her happiness. Comparing people who are both in work,
those who have recently experienced a bout of unemployment are systematically less happy than
those who have not.21
[Figure 4 here]
As we have seen, being out of a job is detrimental to the subjective wellbeing of the unemployed
themselves. What about everyone else? A further canonical finding in the literature on
unemployment and subjective wellbeing is that there are so-called “spillover” effects.22 As we
will see in more detail below when we come to examine the effects of specific job
characteristics, job security is a key driver of subjective wellbeing.23 High levels of
unemployment can have an indirect effect on those who remain in work, as they increase fear
and heighten the sense of job insecurity. Poor labor market conditions tend to signal to those in
work that layoffs are relatively commonplace and that they may well be next in line to lose their
jobs.24
[Table 4 about here]
We can investigate this by turning our attention back to the Gallup World Poll data. We can see
in Table 4 that, controlling for one’s own employment status, the unemployment of one’s peers
enters negatively into a subjective wellbeing equation. The unemployment rate is calculated here
as the fraction of the labor force unemployed within the respondent’s gender, age group (20s,
30s, and so on), country, and year. The negative effect of peers’ joblessness can be seen in
columns 1 and 2, with the comparison unemployment rate having a negative effect on life
evaluation. An interesting new finding here, however, is that while the overall evaluative
subjective wellbeing of those who are not unemployed seems to be negatively affected by others’
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unemployment, their day-to-day experience of life does not seem to be similarly affected in
models 3-6 which investigate effects on positive and negative affect.
Although higher unemployment rates have negative spillovers for those still in work, the third
row of Table 4 shows the opposite may be true for those who are out of work. This so-called
“social norm” effect has been widely shown in the literature.25 For the unemployed, the
individual effects of unemployment are less strongly felt in situations where the local
unemployment rate is higher, as in areas of high unemployment, the social stigma of
unemployment may be lessened while it may also be easier to find social contacts. Much of the
existing evidence is focused on a handful of countries and finds significant effects only for men.
We are able to show here in a worldwide sample that this social norm effect is present for both
men and women: unemployed people evaluate their lives less negatively on the Cantril ladder,
the higher the comparison unemployment rate. They also experience fewer negative and more
positive emotions in their day-to-day lives. It is worth noting, however, that even at
conventionally high levels of unemployment, the overall effect of being unemployed on the
individual is still very much negative across all three measures of subjective wellbeing.
Our analyses have thus described the damaging effects of unemployment on the individual as
well as the negative spillover effects on those around them. This raises the question of whether
these broadly negative effects of unemployment also show up in the macroeconomic data. High
levels of unemployment have an indirect effect on those who remain in work because they
heighten the sense of job insecurity, since generally poor labor market conditions signal to those
in work that redundancies are relatively commonplace. If this is the case, we may be able to
detect this in the relationship between the unemployment rate and the average wellbeing in a
society. Figure 5 shows a scatterplot that maps average wellbeing for most countries in the world
against their unemployment rate.26
Although any such bivariate treatment of the relationship between national wellbeing and
unemployment is necessarily limited in nature, in line with the analyses that focus on the
individual impact of falling unemployed we find a generally negative correlation between
unemployment rates and societal wellbeing at the national level. In an online appendix (Figure
A8), the same cross-sectional relationship is reported by world region. These regional results
11
mostly corroborate the generally negative relationship between national unemployment and
subjective wellbeing, with the exceptions of Southeast Asia and Sub-Saharan Africa. The global
relationship depicted in Figure 5 is not only found in most regions, but is also present across the
entities that make up large nations. For example, it has analogously been shown that this cross-
sectional relationship between unemployment rates and average wellbeing is also found when
considering the separate states that make up the United States of America.27
[Figure 5 here]
Subjective wellbeing and job type
In addition to investigating the importance of having a job, the data also allow us to ask whether
different types of jobs are associated with higher or lower levels of subjective wellbeing. The
availability of eleven different job types in the Gallup World Poll allows us to gain a sense for
which types of employment are perhaps more or less associated with happiness across the world.
The available categories cover many kinds of jobs, including being a business owner, office
worker, or manager, and working in farming, construction, mining, or transport.
Figure 6 represents the descriptive data on how these varied broad job types relate to our three
main measures of subjective wellbeing - life evaluation, positive affect, and negative affect. The
overarching finding here is that the global data reveal an important difference in how blue-collar
and white-collar work are related to happiness (also when controlling for any differences in
income, as shown below). We find that labor-intensive work is systematically correlated with
less happiness and this is the case across a number of labor-intensive industries such as
construction, mining, manufacturing, transport, farming, fishing, and forestry. In fact, people
around the world who categorize themselves as a manager, an executive, an official, or a
professional worker evaluate the quality of their lives at a little over 6 out of 10 whereas people
working in farming, fishing, or forestry evaluate their lives around 4.5 out of 10 on average. A
very similar picture is obtained when considering not only life evaluation but also the day-to-day
experience of positive affective states such as smiling, laughing, enjoyment, or feeling well
rested. The data also show the situation is similar when considering negative affective states such
as feelings of worry, stress, sadness, and anger. Here we find that professionals in senior roles
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(manager, executive, or official) experience fewer negative affective states as compared to all
other job types.
[Figures 6A-C about here]
It is worth noting that we are considering average effects in all of our analyses. While
individuals doing some types of jobs are generally more or less happy on average than those
doing another type, there will be individual heterogeneity in these effects that we are not able to
investigate fully in our analysis. People differ in their interests and personalities, among other
things, and a large literature for example on ‘job fit’ suggests there are few jobs that would be
ideal for everyone - certain types of people are best suited to and more able to flourish in
different types of jobs.28
It is also of interest to note that classic economic theory would suggest that there should be little
difference in the happiness or utility of people with different types of jobs, holding constant their
skill level. This is because so-called “compensating wage differentials” or “equalizing
differences” should balance the happiness levels associated with the types of jobs that an
individual chooses to take on.29 That is to say that people willing to take on a job that they
anticipate is not going to make them happy should be compensated monetarily to the extent that
it should at least compensate for the unhappiness associated with that particular job as compared
to another job that would have made them happier but with a lower pay attached to it. The
empirical case for the existence of such compensating wage differentials is mixed30, and while
we do not directly address this point in our analysis, we do not appear to observe a strong
presence of such compensating differentials in the global data employed here.31
The descriptive statistics shown in Figure 6 represent the raw differences in happiness across job
types. Of course, there are likely to be many things that differ across people working in these
diverse fields that could potentially be driving these happiness differentials. If we want to have a
more precise view of how varied job types actually relate to happiness than we need to hold
constant the confounding variables such as the different wages associated with different job
types as well as the age, gender, marital status, and education level of the individual. To account
and control for these and other differences we also report a multiple regression analysis in Table
13
5. In terms of life evaluation and positive affect, these regressions replicate the descriptive
statistics shown above. Senior professionals (manager, executive, official) evaluate their lives
higher and report more positive affective experiences. The self-reported happiness of office
workers (clerical, sales, or service) is significantly lower than their senior colleagues, even
controlling for income and other covariates. We find that the association of being in labor-
intensive jobs and wellbeing is even greater still.
[Table 5 about here]
In an online appendix (Figures A1-3), we also split these descriptive and statistical analyses on
job type and happiness by gender. Although some small differences can be observed, these
analyses do little to alter the interpretations from the general trends reported above. The same
cannot quite be said of the relationship between job type and happiness, however, when we split
the analysis by the world’s different regions. As shown in Figure 7, there are some clear
differences in life evaluation across regions and job types as is to be expected, but the trends are
somewhat less streamlined as compared to the globally pooled data that was reported on above.
Other things equal, senior professionals report the highest life evaluation across all regions (at
the notable exception of farming/forestry/fishing workers in North America, Australia, and New
Zealand who report equal or higher life evaluation and positive affect). Office workers and
manual laborers report lower life evaluation, a trend most pronounced in the MENA, East Asia,
and Latin American regions in particular. The figures that represent the relation between job type
and positive affect and negative affect are given in the online appendix, along with
accompanying multiple regression tables by region.
[Figure 7 about here]
Job satisfaction and employee engagement around the world
The World Happiness Report is mostly concerned with how people experience and evaluate their
lives as a whole, rather than domain-specific wellbeing outcomes. The academic literature on the
relationship between work and wellbeing, however, has for a long time also considered other
measures of wellbeing. The notion of job satisfaction has been widely studied in particular, and
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more recently the literature has begun to investigate other outcomes such as employee
engagement.32 The Gallup World Poll contains data on both of these domain-specific wellbeing
items, and in Table 6 we report the correlations between the measures of job satisfaction and
employee engagement and the subjective wellbeing items that we have employed so far. All
these measures correlate with each other to varying degrees and mostly in line with intuition.
Being satisfied (as opposed to dissatisfied) with your job is strongly correlated with the Cantril
ladder measure of life evaluation, whereas feeling actively engaged with your job is more
strongly correlated with positive affect. The strongest relationship across all of these measures of
general and workplace wellbeing is that feeling ‘actively disengaged with one’s job’ is most
strongly correlated with low job satisfaction. Whereas in Table 6 we correlate these measures
with each other using individual-level responses, in appendix table A5 we also examine the
correlation of these variables when we consider the unit of analysis to be country-year and look
at the correlation of these national average wellbeing measures.
[Table 6 about here]
In Figure 8 we map average job satisfaction around the world. Here we color nations around the
globe according to job satisfaction. Unlike the general wellbeing measures that elicit a broader
scale of responses, the data on job satisfaction refers to a simpler yes/no question. We map the
percentage of respondents in work by who reported to be “satisfied” (as opposed to
“dissatisfied”) with their job.33 The resulting picture provides a general sense for job satisfaction
around the world indicating that countries across North and South America, Europe, and
Australia and New Zealand typically see more individuals reporting satisfaction with their jobs.
In an online appendix (Table A13), we provide more detailed information on the levels of job
satisfaction around the world.
[Figure 8 about here]
In Figure 9 we move on to consider the global distribution of employee engagement. This
survey measure in the Gallup World Poll asks whether individuals feel ‘actively engaged,’ ‘not
engaged,’ or ‘actively disengaged’ in their jobs. The results paint a bleak picture of employee
engagement around the world. The number of people noting that they are actively engaged is
15
typically less than 20%, while being around 10% in Western Europe, and much less still in East
Asia.
[Figure 9 about here]
The difference in the global results between job satisfaction and employee engagement may
partially be attributable to measurement issues, but it also has to do with the fact that both
concepts measure different aspects of happiness at work. While job satisfaction can perhaps be
reduced to feeling content with one’s job, the notion of (active) employee engagement requires
individuals to be positively absorbed by their work and fully committed to advancing the
organization’s interests. Increased employee engagement thus represents a more difficult hurdle
to clear.
The generally low worldwide levels of employee engagement may also underlie why many
people do not report being happy while at work. In fact, a recent study collected data from
individuals at different times of the day via a smartphone app.34 Troublingly, the authors found
that paid work is ranked lower than any of the other 39 activities individuals can report engaging
in, with the exception of being sick in bed. The more precise extent to which people are unhappy
at work varies with where they work, whether they combine work with other activities, whether
they are alone or with others, and the time of day or night that respondents are working.
[Figures 10 and 11 about here]
We also consider how the varied job types studied above are related to measures of job
satisfaction and employee engagement. Figure 10 paints a picture for the relationship between
job type and job satisfaction that closely tracks the trends that were reported earlier for the links
between job type and the more general measures of subjective wellbeing. Senior professionals
report much greater job satisfaction as compared to all other job types. The relationship between
job type and employee engagement reveals an interesting and important difference with all other
wellbeing measures looked at so far in relation to job type. Figure 11 shows clearly that business
owners report being much more actively engaged at work as compared to all other job types.
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When considering job satisfaction and engagement across the world’s regions in Figures 12 and
13, we observe the same general trends that were inferred from the global data. It is worthwhile
to note, however, that some regions see much starker differences in job satisfaction between job
types. For example, in Central and Eastern Europe and in the MENA region we find that about
90% of senior professionals report being satisfied with their job whereas this number drops to
little over 60% for workers in the farming, fishing, or forestry industries. No such large
differentials in job satisfaction are found in Western Europe or North America, Australia, and
New Zealand. In terms of job engagement statistics, Figure 13 indicates that the outlier remains
being a business owner across most regions with the exception of South and Southeast Asia.
[Figures 12 and 13 about here]
Tables 7 and 8 report regression results of the relationships between job types and job
satisfaction and engagement by region, controlling for the usual set of income, demographic
variables, as well as country and year fixed effects. Notwithstanding the introduction of the
control variables, we find that the results largely mirror the descriptive statistics, the main
exception being that the correlation between being a business owner and being actively engaged
is now only statistically significant for Western Europe and Central and Eastern Europe. In an
online appendix (Figures A4-5) we also split these descriptive statistics on job type and job
satisfaction and engagement by gender. The separate findings for men and women do not lead us
to largely different interpretations from the general trends reported above.
[Tables 7 and 8 about here]
Job characteristics and subjective wellbeing
We now turn to look more closely at job quality. We have seen that being in work is a strong
predictor of higher subjective wellbeing and that certain broad types of jobs are associated with
higher and lower levels of individual happiness, even once we control for confounding variables
such as income and education. But what is it specifically about these different types of jobs that
produce different levels of wellbeing across individuals?
17
In order to answer this question more precisely we draw on data from the European Social
Survey (ESS), which benefits from more detailed questions about job characteristics together
with several measures of subjective wellbeing. What ultimately makes for a ‘good job?’ For a
long time the answer to this important question was simply how much the job paid, and
occasionally also how many hours of labor it entailed. The ever-increasing amount of survey
data available now allows us to go much further than this, and ask what particular aspects of a
job are most predictive of different measures of wellbeing. In the ESS, for example, respondents
who are in work are asked about the amount of variety their job entails, how much autonomy
they have in how they carry out their work, how much support they receive from co-workers
around them, along with a number of further job characteristics.
By regressing subjective wellbeing measures on such measures of work design, together with
earnings and a number of other demographic variables, we are able to infer what matters most to
people in their working lives. This is a distinctly democratic way of investigating what exactly
makes a ‘good job.’ Rather than impose certain ideas about which characteristics are most
important in a job, using multivariate regression analysis in this way we allow workers
themselves to determine which aspects of their jobs are the biggest drivers of their wellbeing.
Much of the literature in this vein focuses on the elements of jobs that correlate with job
satisfaction35, but it is also important to know what elements of people’s jobs ultimately feed
through into how they evaluate their lives as a whole, as well how job characteristics affect the
emotional states that people experience as they proceed through their lives. We thus follow
much of the existing literature in estimating job satisfaction equations, but also investigate the
effects of job characteristics on life satisfaction, general happiness “taking all things together,” as
well as a positive affect measure referring to emotions felt in “the last two weeks.”36
[Table 9 about here]
In line with the literature and general intuition, we find that higher wages are indeed predictive
of greater wellbeing. Those in well-paying jobs are happier and more satisfied with their lives
and jobs than those in the lower income brackets. The relationship is roughly log-linear,
however, suggesting that there are diminishing returns to higher income: an extra $100 of salary
is worth much more to someone at the lower end of the income distribution than someone
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already earning much more. It is still striking that a number of further aspects of people’s jobs
are strongly predictive of the different measures of subjective wellbeing even once we condition
upon log earnings.
As always, these regressions control for a standard set of demographic variables, but here we
also control for industry as well as occupation dummies. That is, when we ask about having a
lesser or greater amount of a specific job characteristic - be it autonomy, security, co-worker
support, or whatever else - we are comparing workers who have the same occupation and who
work in the same industry.
What is important, beyond income? Work-life balance comes out in Table 9 as perhaps the
strongest workplace driver of an individual’s subjective wellbeing. This turns out to be true
across the board, in terms of people’s life and job satisfaction, general happiness, and moment-
to-moment emotional experiences. Those who have a job that leaves them too tired to enjoy the
non-work elements of their lives report levels of positive affect in their day-to-day lives that are
substantially lower than those who do not. Furthermore, workers who report that their job
interferes with their ability to spend time with their partner and family, as well as those who
“bring their job home” with them by worrying about work matters even when they are not at
work, report systematically lower levels of subjective wellbeing across all four measures,
controlling as always the usual covariates, including the level of remuneration they receive and
the number of hours they work per week.
We can also see in Table 9 that the content of the job is important. Those with jobs that entail
high levels of variety and the need to learn new things are more satisfied with their lives and
their jobs and experience more positive emotions day-to-day. Further, individual autonomy in
the workplace is a significant driver of happiness: having control over how the workday is
organized as well as the pace at which the employee works is positively correlated with higher
wellbeing outcomes. Conversely, those with jobs that involve risks to their health and safety
generally score worse on the measures of subjective wellbeing captured in this survey.
Social capital in the workplace is even more important. The level of support that a worker
receives from his or her fellow workers is very strongly predictive of all four measures of
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subjective wellbeing in the sample, as is being able to have a say in policy decisions made by the
organization for which the employee works. Furthermore, workers who report being a member
of a trade union are generally more satisfied with their jobs, though the differential in life
satisfaction as well as positive affect between union and non-union workers is statistically
insignificant in the sample.
As we saw earlier in our discussion of the spillover effects of unemployment, job security is a
robust driver of individual wellbeing. Those who feel their livelihood is at risk systematically
report lower levels of subjective wellbeing than those who report having high levels of perceived
job security. Connected to this is the notion of being able to ‘get on in life’: those who feel they
have a job that has good opportunities for advancement and promotion - even controlling for
their current level of remuneration and the current content of their job - feel more satisfied with
their jobs and lives and also tend to experience more positive affective states.
Finally, bosses have been shown to be important. Although the data does not permit us here to
measure and quantify the importance of who one’s boss is and how he or she affects one’s
wellbeing, recent work has demonstrated that bosses and supervisors can play a substantial role
in determining subjective wellbeing. In particular, the competence of bosses has been shown to
be a strong predictor of job satisfaction, even controlling for individual fixed effects in a
longitudinal analysis that follows people who stay in the same job as their boss gains (or loses)
competence over time. 37
Conclusion
As has been shown in the various editions of the World Happiness Report, national levels of
subjective wellbeing vary greatly across the globe. The different kinds of work that people in
different corners of the world do may well contribute in some way to these cross-country
differentials. After all, work makes up such an important part of our lives. The structure of
economies differs a great deal, both across countries at any one point in time as well as within
countries as they develop over time. Thus the kind of work that people actually engage in during
their days differs greatly - whether they sit in offices, work on production lines, or work in the
20
fields - and this can be a potentially contributing factor to the global differences in wellbeing that
we observe.
This chapter has aimed to bring an empirical perspective to the relationship between happiness
and employment, job type, and job characteristics around the world. Throughout the world,
employed people evaluate the quality of their lives much higher than those who are unemployed.
The clear importance of employment for happiness emphasizes the damage that unemployment
can do. As such, this chapter delved further into the dynamics of unemployment to show that
individuals’ happiness adapts very little over time to being unemployed and that past spells of
unemployment can have lasting impact even after regaining employment. The data also showed
that rising unemployment negatively affects everyone, even those still employed. These results
are obtained at the individual level, but they also come through at the macroeconomic level, with
national unemployment levels being negatively correlated with average national wellbeing across
the world.
We also considered how happiness is related to the broad type of job being performed. The
principal result on job type is that data from around the world reveal a significant difference in
how manual and non-manual labor are related to happiness. Even when accounting for relevant
covariates between these two broad categories of job type, we found that blue-collar work is
systematically correlated with less happiness. We also investigated job quality more closely by
looking at specific workplace characteristics and how they relate to happiness. Well-paying jobs
are conducive to happiness, but this is far from being the whole story. A range of further aspects
were found to be strongly predictive of varied measures of happiness; some of the most
important job factors that were shown to be driving subjective wellbeing included work-life
balance, autonomy, variety, job security, social capital, and health and safety risks.
The results and inferences drawn from the available data are far from exhaustive but aim to
inspire further research as well as provide some empirical guidance to employees, employers,
and policy-makers. Given the importance of employment for happiness, it is evident that even
more weight could be given to fostering employment. Equally, policies aimed at helping people
to manage the non-monetary as well as the monetary difficulties associated with being
unemployed, in addition to helping them back into work, will likely help to raise societal
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wellbeing. In addition to the quantity of jobs, policy instruments can be used to encourage
employers to improve the quality of jobs. In turn, recent research suggests that high levels of
worker wellbeing may even lead to gains in productivity and firm performance,38 a finding that
points toward the benefits of engaging in what might be called ‘high-road’ employment
strategies conducive to employee wellbeing. Generally, the analyses reported in this chapter
provide additional empirical evidence for the merit of policies that focus on both the quantity and
the quality of employment to support worldwide wellbeing.
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Tables
Table 1: Subjective Wellbeing and Employment Status
(1) (2) (3)
Life Evaluation Positive Affect Negative Affect
Employment (v. employed full-time for employer)
Employed Full-Time for Self -0.018*** 0.008 0.018***
(0.005) (0.006) (0.006)
Employed Part-Time (does not want more hours) 0.048*** 0.017*** -0.021***
(0.006) (0.006) (0.006)
Employed Part-Time (would like more hours) -0.096*** -0.016*** 0.089***
(0.007) (0.006) (0.007)
Out of Labor Force -0.045*** -0.024*** 0.022***
(0.005) (0.006) (0.008)
Unemployed -0.236*** -0.100*** 0.207***
(0.008) (0.008) (0.008)
Control Variables
Household Income (ln) 0.218*** 0.124*** -0.118***
(0.005) (0.004) (0.003)
Education: Medium (vs. low) 0.159*** 0.103*** -0.080***
(0.005) (0.006) (0.006)
Education: High 0.308*** 0.215*** -0.118***
(0.007) (0.008) (0.008)
Marital Status: Married (vs. single) 0.046*** 0.016*** -0.024***
(0.004) (0.004) (0.004)
Marital Status: Divorced/Separated -0.091*** -0.109*** 0.121***
(0.006) (0.006) (0.006)
Marital Status: Widowed -0.089*** -0.133*** 0.148***
(0.008) (0.008) (0.008)
Female 0.082*** 0.012*** 0.072***
(0.003) (0.004) (0.004)
Age -0.019*** -0.024*** 0.021***
(0.001) (0.001) (0.001)
Age2 0.000*** 0.000*** -0.000***
(0.000) (0.000) (0.000)
Children in Household -0.031*** -0.016*** 0.032***
(0.004) (0.004) (0.003)
Adults in Household -0.008*** -0.008*** 0.010***
(0.001) (0.001) (0.001)
Country + Year FEs Yes Yes Yes
Observations 848594 817339 805839
R-squared 0.084 0.032 0.032
Countries 162 162 162
Standard errors in parentheses adjusted for clustering at the country level. Outcome variables are standardized to have mean=0 and
SD=1. Sample is 21-60 year olds. p < * 0.1 ** p < 0.05 *** p < 0.01.
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Table 2: Subjective Wellbeing and Employment Status by Gender
Life Evaluation Positive Affect Negative Affect
Men Women Men Women Men Women
Employment (v. employed full-time for employer)
Employed Full-Time for Self -0.024*** -0.009 0.008 0.011 0.018** 0.018**
(0.006) (0.006) (0.007) (0.007) (0.007) (0.007)
Employed Part-Time (does not want more hours) 0.025*** 0.064*** 0.005 0.035*** -0.000 -0.044***
(0.009) (0.007) (0.008) (0.007) (0.008) (0.008)
Employed Part-Time (would like more hours) -0.120*** -0.072*** -0.028*** 0.002 0.094*** 0.079***
(0.008) (0.008) (0.008) (0.008) (0.009) (0.008)
Out of Labor Force -0.092*** -0.027*** -0.069*** 0.003 0.078*** -0.008
(0.006) (0.005) (0.007) (0.006) (0.009) (0.008)
Unemployed -0.281*** -0.201*** -0.145*** -0.055*** 0.217*** 0.195***
(0.009) (0.009) (0.010) (0.008) (0.010) (0.009)
Country + Year FEs Yes Yes Yes Yes Yes Yes
Observations 394629 453965 377950 439389 372192 433647
R-squared 0.084 0.084 0.033 0.033 0.026 0.032
Countries 162 162 162 162 162 162
Standard errors in parentheses adjusted for clustering at the country level. Outcome variables are standardized to have mean=0 and
SD=1. Further controls: log income, education level, marital status, household composition, gender, age and its square. Sample is 21-
60 year olds. p < * 0.1 ** p < 0.05 *** p < 0.01.
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Table 3: Subjective Wellbeing and Employment Status Around the World
Region: W Europe C+E Europe CIS SE Asia S Asia E Asia LA + Carib NA+ANZ MENA SSA
Panel A: Life Evaluation
Employment (v. employed full-time for employer)
Employed Full-Time for Self 0.019** 0.083*** 0.030* 0.018 -0.008 0.025** -0.092*** 0.022 -0.001 -0.051***
(0.008) (0.014) (0.016) (0.019) (0.028) (0.011) (0.011) (0.020) (0.013) (0.012)
Employed Part-Time (does not want more hours) 0.066*** 0.070*** 0.062*** 0.063** 0.026 0.106*** 0.018 0.080*** 0.090*** -0.017
(0.011) (0.019) (0.015) (0.025) (0.057) (0.015) (0.019) (0.022) (0.014) (0.014)
Employed Part-Time (would like more hours) -0.174*** -0.135*** -0.014 -0.012 -0.108* -0.002 -0.148*** -0.214*** -0.108*** -0.085***
(0.012) (0.020) (0.019) (0.023) (0.055) (0.027) (0.016) (0.030) (0.016) (0.012)
Out of Labor Force -0.126*** -0.068*** -0.011 0.019 0.005 0.011 -0.048*** -0.171*** -0.017 -0.087***
(0.013) (0.012) (0.010) (0.016) (0.036) (0.014) (0.012) (0.025) (0.010) (0.014)
Unemployed -0.396*** -0.306*** -0.187*** -0.113*** -0.095* -0.180*** -0.257*** -0.434*** -0.258*** -0.156***
(0.014) (0.023) (0.021) (0.030) (0.047) (0.025) (0.018) (0.041) (0.016) (0.016)
Observations 125659 78228 72053 47723 62986 52100 98357 18043 136099 156412
R-squared 0.115 0.160 0.087 0.071 0.122 0.133 0.064 0.110 0.081 0.074
Panel B: Positive Affect
Employment (v. employed full-time for employer)
Employed Full-Time for Self 0.006 0.033* 0.006 0.023 0.017 0.061*** -0.034*** 0.038* -0.012 -0.010
(0.014) (0.018) (0.018) (0.018) (0.025) (0.013) (0.011) (0.021) (0.016) (0.010)
Employed Part-Time (does not want more hours) 0.016 0.045** 0.060*** 0.094*** -0.026 0.070** -0.007 0.048 -0.002 -0.038***
(0.012) (0.021) (0.019) (0.025) (0.031) (0.033) (0.016) (0.031) (0.018) (0.013)
Employed Part-Time (would like more hours) -0.058*** -0.072*** 0.006 0.082*** -0.010 0.077*** -0.043*** 0.009 -0.056*** -0.027**
(0.012) (0.024) (0.021) (0.023) (0.058) (0.017) (0.012) (0.034) (0.017) (0.012)
Out of Labor Force -0.073*** 0.027* -0.021 0.026 0.036 0.030* -0.018 -0.083*** -0.043*** -0.087***
(0.012) (0.015) (0.015) (0.022) (0.031) (0.017) (0.012) (0.018) (0.013) (0.013)
Unemployed -0.112*** -0.077*** -0.102*** 0.013 -0.076 -0.074** -0.058*** -0.124*** -0.231*** -0.078***
(0.016) (0.024) (0.028) (0.033) (0.051) (0.028) (0.014) (0.040) (0.020) (0.015)
Observations 113004 78759 73044 47369 63685 49783 99432 15098 120161 156067
R-squared 0.027 0.082 0.058 0.020 0.058 0.033 0.020 0.027 0.038 0.028
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Panel C: Negative Affect
Employment (v. employed full-time for employer)
Employed Full-Time for Self 0.084*** 0.055*** 0.033** -0.043** -0.081*** 0.001 0.027** 0.100*** 0.037** -0.012
(0.013) (0.014) (0.014) (0.019) (0.019) (0.009) (0.013) (0.027) (0.015) (0.010)
Employed Part-Time (does not want more hours) -0.025* 0.035* 0.021 -0.091*** -0.047 -0.050*** -0.084*** -0.088** -0.051*** -0.008
(0.014) (0.019) (0.016) (0.023) (0.035) (0.018) (0.016) (0.032) (0.017) (0.013)
Employed Part-Time (would like more hours) 0.146*** 0.136*** 0.050*** -0.007 0.047 -0.007 0.104*** 0.184*** 0.108*** 0.058***
(0.014) (0.021) (0.018) (0.024) (0.031) (0.033) (0.013) (0.034) (0.020) (0.013)
Out of Labor Force 0.147*** 0.066*** 0.057*** -0.063*** -0.111*** -0.004 -0.041*** 0.244*** -0.029** 0.011
(0.022) (0.014) (0.012) (0.018) (0.027) (0.016) (0.012) (0.027) (0.014) (0.012)
Unemployed 0.260*** 0.241*** 0.176*** 0.163*** 0.187*** 0.207*** 0.205*** 0.377*** 0.249*** 0.111***
(0.017) (0.025) (0.023) (0.049) (0.043) (0.031) (0.018) (0.051) (0.019) (0.013)
Observations 113004 78759 73044 47369 63685 49783 99432 15098 111485 153243
R-squared 0.041 0.052 0.031 0.026 0.054 0.027 0.042 0.050 0.036 0.041
Standard errors in parentheses adjusted for clustering at the country level. Outcome variables are standardized to have mean=0 and SD=1. Further controls: log income, education level, marital
status, household composition, gender, age and its square. Sample is 21-60 year olds. p < * 0.1 ** p < 0.05 *** p < 0.01.
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Table 4: Social Comparison Effects of Unemployment
Life Evaluation Positive Affect Negative Affect
Men Women Men Women Men Women
Unemployed -0.298*** -0.236*** -0.176*** -0.073*** 0.276*** 0.240***
(0.015) (0.013) (0.015) (0.013) (0.014) (0.014)
Unemployment Rate -0.449*** -0.154*** -0.014 -0.006 0.080 -0.058
(0.066) (0.047) (0.061) (0.041) (0.062) (0.045)
Unemployed *
Unemployment Rate 0.209** 0.199*** 0.219** 0.091 -0.425*** -0.218***
(0.087) (0.060) (0.096) (0.056) (0.089) (0.057)
Country + Year FEs Yes Yes Yes Yes Yes Yes
Observations 394555 453285 377876 438738 372132 433055
R-squared 0.085 0.084 0.033 0.033 0.027 0.032
Countries 162 162 162 162 162 162
Standard errors in parentheses adjusted for clustering at the country level. Outcome variables are standardized
to have mean=0 and SD=1. Further controls: log income, education level, marital status, household
composition, gender, age and its square. Sample is 21-60 year olds. p < * 0.1 ** p < 0.05 *** p < 0.01.
29
Table 5: Job Type and Subjective Wellbeing
(1) (2) (3)
Life
Evaluation
Positive
Affect
Negative
Affect
Job Type (v. Professional)
Manager/Executive/Official 0.033*** -0.021** 0.019**
(0.009) (0.009) (0.009)
Business Owner -0.050*** -0.053*** 0.031***
(0.008) (0.008) (0.008)
Clerical or Office Worker -0.021*** -0.069*** -0.009
(0.007) (0.008) (0.008)
Sales Worker -0.070*** -0.121*** 0.039***
(0.009) (0.010) (0.009)
Service Worker -0.096*** -0.106*** 0.033***
(0.007) (0.008) (0.007)
Construction or Mining Worker -0.153*** -0.178*** 0.069***
(0.010) (0.012) (0.012)
Manufacturing Worker -0.128*** -0.171*** 0.052***
(0.009) (0.011) (0.011)
Transportation Worker -0.113*** -0.195*** 0.066***
(0.011) (0.014) (0.011)
Installation or Repair Worker -0.131*** -0.151*** 0.074***
(0.011) (0.014) (0.013)
Farming/Fishing/Forestry Worker -0.136*** -0.162*** 0.032***
(0.010) (0.011) (0.009)
Country + Year FEs Yes Yes Yes
Observations 338282 333927 328000
R-squared 0.080 0.029 0.018
Countries 153 153 153
Standard errors in parentheses adjusted for clustering at the country level. Outcome
variables are standardized to have mean=0 and SD=1. Further controls: log income,
education level, marital status, household composition, gender, age and its square.
Sample is 21-60 year olds. p < * 0.1 ** p < 0.05 *** p < 0.01.
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Table 6: Correlation Matrix of Individual Responses to General and Domain-Specific SWB Measures
Life Evaluation Positive Affect Negative Affect Job Satisfaction Engaged Disengaged
Life Evaluation 1
Positive Affect 0.252 1
Negative Affect -0.189 -0.372 1
Satisfied with Job 0.280 0.253 -0.178 1
Actively Engaged with Job 0.105 0.168 -0.0672 0.156 1
Actively Disengaged with Job -0.188 -0.257 0.140 -0.411 -0.209 1
Note: All correlations are statistically significant at at least the 0.1% level.
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Table 7: Job Satisfaction and Job Type by Region
W Europe C+E Europe CIS SE Asia S Asia E Asia LA + Carib NA + ANZ MENA SSA
(1) (2) (3) (4) (5) (6) (7) (8) (9) (10)
Job Type (v. Professional)
Manager/Executive/Official -0.017 -0.061* 0.044 -0.051 0.022 -0.025 -0.083 -0.048 0.006 -0.030
(0.012) (0.033) (0.038) (0.030) (0.036) (0.067) (0.057) (0.043) (0.034) (0.039)
Business Owner 0.021 -0.091 0.015 -0.082*** -0.022 -0.084** -0.031 0.047 -0.071** -0.074**
(0.015) (0.094) (0.051) (0.027) (0.028) (0.038) (0.024) (0.034) (0.032) (0.030)
Clerical or Office Worker -0.032** -0.122*** -0.064 -0.101*** 0.046 -0.097** -0.028 -0.091* -0.086*** -0.099**
(0.014) (0.029) (0.047) (0.034) (0.034) (0.043) (0.026) (0.047) (0.024) (0.042)
Sales Worker -0.076*** -0.292*** -0.232*** -0.149*** -0.127*** -0.210*** -0.162*** -0.166*** -0.261*** -0.234***
(0.020) (0.041) (0.036) (0.051) (0.043) (0.042) (0.029) (0.038) (0.041) (0.040)
Service Worker -0.055*** -0.200*** -0.162*** -0.169*** -0.049 -0.187*** -0.118*** -0.080 -0.186*** -0.291***
(0.013) (0.036) (0.027) (0.044) (0.062) (0.047) (0.028) (0.059) (0.039) (0.031)
Construction or Mining Worker -0.059*** -0.273*** -0.221*** -0.216*** -0.274*** -0.286*** -0.150*** 0.008 -0.462*** -0.247***
(0.019) (0.051) (0.039) (0.068) (0.038) (0.082) (0.034) (0.061) (0.057) (0.047)
Manufacturing Worker -0.110*** -0.363*** -0.188*** -0.234*** -0.194*** -0.249*** -0.117*** -0.145* -0.314*** -0.238***
(0.023) (0.038) (0.031) (0.040) (0.059) (0.080) (0.034) (0.076) (0.053) (0.047)
Transportation Worker -0.039* -0.266*** -0.083** -0.186*** -0.096** -0.211* -0.177*** -0.089* -0.355*** -0.264***
(0.020) (0.049) (0.031) (0.063) (0.045) (0.112) (0.044) (0.042) (0.051) (0.055)
Installation or Repair Worker -0.068* -0.227*** -0.162*** -0.109 -0.084** -0.216*** -0.052 -0.047 -0.257*** -0.319***
(0.034) (0.048) (0.048) (0.065) (0.035) (0.070) (0.046) (0.066) (0.051) (0.058)
Farming/Fishing/Forestry Worker -0.039 -0.413*** -0.320*** -0.145*** -0.110*** -0.310*** -0.152*** 0.004 -0.277*** -0.244***
(0.047) (0.075) (0.045) (0.043) (0.037) (0.037) (0.042) (0.086) (0.044) (0.041)
Country + Year FEs Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes
Observations 40544 14382 17824 15616 17296 15038 20297 5266 31289 38472
R-squared 0.008 0.047 0.046 0.024 0.066 0.043 0.026 0.014 0.053 0.047
Countries 21 17 12 9 6 6 21 4 18 33
Standard errors in parentheses adjusted for clustering at the country level. Outcome variables are standardized to have mean=0 and SD=1. Further controls: log income, education level,
marital status, household composition, gender, age and its square. Sample is 21-60 year olds. p < * 0.1 ** p < 0.05 *** p < 0.01.
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Table 8: Employee Engagement and Job Type by Region
W Europe C+E Europe CIS SE Asia S Asia E Asia LA + Carib NA + ANZ MENA SSA
(1) (2) (3) (4) (5) (6) (7) (8) (9) (10)
Job Type (v. Professional)
Manager/Executive/Official 0.035** 0.077** 0.118* -0.036 0.017 -0.020 -0.035 -0.043 0.054 -0.063
(0.014) (0.038) (0.069) (0.063) (0.069) (0.056) (0.069) (0.043) (0.037) (0.054)
Business Owner 0.239*** 0.235** 0.155 -0.074 -0.045 0.010 0.095 0.164 0.008 0.037
(0.050) (0.097) (0.144) (0.092) (0.076) (0.039) (0.073) (0.131) (0.066) (0.066)
Clerical or Office Worker -0.097*** -0.159*** -0.089** -0.145** -0.073 -0.160*** -0.124*** -0.194*** -0.085** -0.148***
(0.022) (0.028) (0.039) (0.064) (0.049) (0.028) (0.039) (0.047) (0.041) (0.040)
Sales Worker -0.020 -0.214*** -0.147*** -0.166** -0.068 -0.109*** -0.145** -0.206* -0.101** -0.121**
(0.023) (0.038) (0.030) (0.067) (0.053) (0.035) (0.054) (0.096) (0.047) (0.058)
Service Worker -0.017 -0.193*** -0.130*** -0.130** -0.033 -0.104*** -0.090** -0.048 -0.003 -0.133***
(0.014) (0.038) (0.032) (0.057) (0.035) (0.027) (0.040) (0.070) (0.045) (0.033)
Construction or Mining Worker 0.013 -0.230*** -0.086*** -0.206*** -0.101** -0.045 0.007 0.040 -0.115** -0.125**
(0.034) (0.035) (0.031) (0.066) (0.041) (0.046) (0.064) (0.120) (0.046) (0.049)
Manufacturing Worker -0.063*** -0.195*** -0.134*** -0.180*** -0.158*** -0.108*** -0.092* -0.222** -0.086* -0.151***
(0.021) (0.031) (0.046) (0.048) (0.045) (0.029) (0.053) (0.077) (0.046) (0.054)
Transportation Worker -0.011 -0.205*** -0.168*** -0.199*** -0.028 -0.105* -0.216*** -0.205** -0.126** -0.200***
(0.036) (0.046) (0.041) (0.054) (0.039) (0.054) (0.069) (0.089) (0.059) (0.048)
Installation or Repair Worker -0.045 -0.262*** -0.101* -0.240*** -0.140** -0.159*** 0.017 -0.085 -0.078 -0.169***
(0.031) (0.044) (0.058) (0.061) (0.065) (0.045) (0.085) (0.115) (0.072) (0.048)
Farming/Fishing/Forestry Worker 0.125** -0.173** -0.197*** -0.134* -0.082** -0.088** -0.148* -0.101 -0.098* -0.203***
(0.061) (0.067) (0.058) (0.075) (0.033) (0.031) (0.081) (0.173) (0.056) (0.039)
Country + Year FEs Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes
Observations 26334 14614 11291 5652 7108 8157 13711 3753 13752 13417
R-squared 0.009 0.030 0.032 0.017 0.032 0.018 0.011 0.020 0.011 0.028
Countries 21 17 12 9 7 5 21 4 16 30
Standard errors in parentheses adjusted for clustering at the country level. Outcome variables are standardized to have mean=0 and SD=1. Further controls: log income, education level, marital
status, household composition, gender, age and its square. Sample is 21-60 year olds. p < * 0.1 ** p < 0.05 *** p < 0.01.
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Table 9: Subjective Wellbeing and Job Characteristics
(1) (2) (3) (4)
Units
Life
Satisfaction Happiness
Job
Satisfaction
Positive
Affect
Wages (Log) 0.068** 0.041* 0.084*** 0.048**
(0.030) (0.024) (0.025) (0.019)
Hours of Work (Weekly hours) 0.002 0.001 0.000 0.002**
(0.001) (0.001) (0.001) (0.001)
Responsible for supervising employees (0/1) 0.030 0.031 0.029 0.025
(0.023) (0.022) (0.018) (0.022)
High variety in work (Very True=1) 0.079*** 0.081*** 0.229*** 0.101***
(0.024) (0.028) (0.020) (0.021)
Job requires learning new things (Very True=1) 0.047** 0.059** 0.137*** 0.074***
(0.019) (0.023) (0.018) (0.020)
Wages depend on effort (Very True=1) 0.042 0.044 0.026 0.062*
(0.029) (0.031) (0.023) (0.035)
Can get support/help from co-workers (Very True=1) 0.107*** 0.161*** 0.249*** 0.133***
(0.019) (0.020) (0.025) (0.020)
Job entails health/safety risk (Very True=1) -0.155*** -0.086* -0.194*** -0.135***
(0.045) (0.045) (0.033) (0.031)
Can decide start/finish time (Very True=1) -0.040** -0.026 -0.019 -0.016
(0.016) (0.028) (0.031) (0.029)
Job is secure (Very True=1) 0.103*** 0.105*** 0.190*** 0.089***
(0.018) (0.023) (0.025) (0.018)
Job requires very hard work (Strongly Agree=1) -0.034 0.018 -0.024 0.029
(0.037) (0.037) (0.031) (0.028)
Never enough time to get everything done (Strongly Agree=1) -0.015 -0.016 -0.132*** -0.081**
(0.025) (0.028) (0.025) (0.030)
Good opportunities for promotion (Strongly Agree=1) 0.107** 0.073* 0.210*** 0.111**
(0.040) (0.041) (0.046) (0.040)
Job prevents giving time to family/partner (Often/Always=1) -0.150*** -0.100*** -0.214*** -0.174***
(0.019) (0.019) (0.023) (0.021)
Worry about work problems when not working (Often/Always=1) -0.107*** -0.084*** -0.033 -0.196***
(0.025) (0.020) (0.029) (0.028)
Too tired after work to enjoy things (Often/Always=1) -0.210*** -0.201*** -0.221*** -0.405***
(0.022) (0.027) (0.024) (0.033)
Control over how daily work is organized (8-10/10=1) 0.046*** 0.088*** 0.192*** -0.019
(0.017) (0.018) (0.019) (0.022)
Control over pace of work (8-10/10=1) 0.085*** 0.069*** 0.091*** 0.066**
(0.021) (0.020) (0.022) (0.024)
Control over policy decisions of organization (8-10/10=1) 0.031 0.040* 0.121*** 0.053**
(0.026) (0.022) (0.024) (0.023)
Trade Union Member (0/1) 0.020 0.040** 0.053* 0.022
(0.021) (0.019) (0.029) (0.021)
Self-Employed (v. Employee) (0/1) 0.053 0.008 0.039 0.026
(0.034) (0.036) (0.029) (0.036)
Education (Years) 0.004* 0.003 -0.010*** -0.002
(0.002) (0.002) (0.002) (0.002)
Female (0/1) 0.038 0.037 0.048* -0.066**
(0.025) (0.024) (0.023) (0.024)
Age (Years) -0.045*** -0.049*** -0.003 -0.036***
(0.006) (0.008) (0.006) (0.008)
Age^2 (Years^2) 0.000*** 0.000*** 0.000 0.000***
(0.000) (0.000) (0.000) (0.000)
Observations 11555 11555 11555 11555
R-squared 0.287 0.229 0.220 0.160
Standard errors in parentheses adjusted for clustering at the country level. All outcome variables standardised to have mean of 0 and standard
deviation of 1. Source: European Social Survey: Round 5 (2010). Further controls: marital status, household composition, migrant status,
industry and occupation dummies, country dummies. * p < 0.1 ** p < 0.05 *** p<0.01
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Online Appendix
Tables
Table A1: Social Comparison Effects of Unemployment
Life Evaluation Positive Affect Negative Affect
(1) (2) (3) (4) (5) (6)
Unemployed -0.234*** -0.274*** -0.101*** -0.132*** 0.209*** 0.251***
(0.007) (0.011) (0.008) (0.011) (0.008) (0.011)
Unemployment Rate -0.074* -0.100** 0.027 0.007 -0.061 -0.033
(0.041) (0.041) (0.034) (0.035) (0.037) (0.038)
Unemployed *
Unemployment Rate 0.233*** 0.181*** -0.247***
(0.055) (0.052) (0.051)
Country + Year FEs Yes Yes Yes Yes Yes Yes
Observations 847840 847840 816614 816614 805187 805187
R-squared 0.084 0.084 0.032 0.032 0.032 0.032
Countries 162 162 162 162 162 162
Standard errors in parentheses adjusted for clustering at the country level. Outcome variables are
standardized to have mean=0 and SD=1. Further controls: log income, education level, marital status,
household composition, gender, age and its square. Sample is 21-60 year olds. p < * 0.1 ** p < 0.05 *** p
< 0.01.
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Table A2: Job Type by Gender
Life Evaluation Positive Affect Negative Affect
(1) (2) (3) (4) (5) (6)
Men Women Men Women Men Women
Job Type (v. Professional)
Manager/Executive/Official 0.043*** 0.025** -0.012 -0.031** 0.009 0.035**
(0.011) (0.012) (0.011) (0.013) (0.011) (0.014)
Business Owner -0.045*** -0.051*** -0.052*** -0.049*** 0.037*** 0.022**
(0.010) (0.011) (0.010) (0.011) (0.010) (0.011)
Clerical or Office Worker -0.017* -0.028*** -0.051*** -0.085*** -0.015 -0.005
(0.010) (0.008) (0.011) (0.010) (0.010) (0.010)
Sales Worker -0.047*** -0.086*** -0.099*** -0.139*** 0.039*** 0.039***
(0.012) (0.010) (0.013) (0.011) (0.012) (0.011)
Service Worker -0.071*** -0.118*** -0.082*** -0.126*** 0.013 0.048***
(0.010) (0.009) (0.011) (0.010) (0.010) (0.010)
Construction or Mining Worker -0.147*** -0.143*** -0.175*** -0.133*** 0.074*** 0.026
(0.011) (0.026) (0.013) (0.026) (0.012) (0.030)
Manufacturing Worker -0.115*** -0.144*** -0.169*** -0.174*** 0.038*** 0.075***
(0.011) (0.013) (0.014) (0.015) (0.013) (0.015)
Transportation Worker -0.110*** -0.083*** -0.194*** -0.122*** 0.066*** 0.068**
(0.012) (0.031) (0.015) (0.036) (0.012) (0.032)
Installation or Repair Worker -0.120*** -0.189*** -0.142*** -0.167*** 0.071*** 0.108***
(0.012) (0.037) (0.016) (0.040) (0.014) (0.040)
Farming/Fishing/Forestry Worker -0.126*** -0.154*** -0.153*** -0.175*** 0.040*** 0.028**
(0.013) (0.013) (0.013) (0.013) (0.012) (0.013)
Country + Year FEs Yes Yes Yes Yes Yes Yes
Observations 191957 146325 188440 145487 184227 143773
R-squared 0.076 0.084 0.028 0.030 0.013 0.018
Countries 153 153 153 153 153 153
Standard errors in parentheses adjusted for clustering at the country level. Outcome variables are standardized to have
mean=0 and SD=1. Further controls: log income, education level, marital status, household composition, gender, age and
its square. Sample is 21-60 year olds. p < * 0.1 ** p < 0.05 *** p < 0.01.
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Table A3: Anticipation of and Adaption to Unemployment Spells in Germany
All Men Women
(1) (2) (3)
Leads
3-4 Years Hence -0.096*** -0.083** -0.111**
(0.031) (0.041) (0.047)
2-3 Years -0.086*** -0.086** -0.086**
(0.031) (0.043) (0.044)
1-2 Years -0.140*** -0.145*** -0.134***
(0.030) (0.043) (0.044)
Within 1 Year -0.272*** -0.284*** -0.260***
(0.031) (0.043) (0.044)
Lags
Unemployed 0-1 Year -0.910*** -1.116*** -0.712***
(0.037) (0.054) (0.050)
1-2 Years -1.042*** -1.269*** -0.827***
(0.058) (0.087) (0.077)
2-3 Years -0.877*** -0.962*** -0.771***
(0.085) (0.124) (0.115)
3-4 Years -1.087*** -1.333*** -0.859***
(0.110) (0.186) (0.131)
4+ Years -0.831*** -1.168*** -0.517***
(0.137) (0.229) (0.153)
Further Controls Yes Yes Yes
Individual FEs Yes Yes Yes
Observations 158996 86547 72449
Source: German Social-Economic Panel.
Standard errors in parentheses, clustered at the level of the individual. All
regressions include controls for age, age2, years of education, marital status, log
income, number of children, region and wave dummies. Dependent variable is life
satisfaction (0-10 scale). For more information on specification, which follows
Clark and Georgelis (2013), please see text.
* p < 0.10, ** p < 0.05, *** p < 0.01.
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Table A4i: Job Type and Life Evaluation Around the World
W Europe C+E Europe CIS SE Asia S Asia E Asia LA + Carib NA + ANZ MENA SSA
(1) (2) (3) (4) (5) (6) (7) (8) (9) (10)
Job Type (v. Professional)
Manager/Executive/Official 0.026* 0.100*** 0.096** -0.024 -0.035 0.047 -0.013 0.016 0.068** -0.038
(0.013) (0.024) (0.036) (0.032) (0.066) (0.030) (0.034) (0.025) (0.027) (0.026)
Business Owner -0.005 0.087*** 0.103*** -0.115*** -0.059 -0.051 -0.111*** -0.032 -0.030 -0.096***
(0.017) (0.021) (0.034) (0.028) (0.055) (0.032) (0.022) (0.030) (0.023) (0.016)
Clerical or Office Worker -0.028** -0.019 0.013 -0.041 -0.013 -0.024 -0.003 -0.071** -0.045** -0.020
(0.013) (0.021) (0.025) (0.033) (0.044) (0.015) (0.023) (0.030) (0.019) (0.019)
Sales Worker -0.072*** -0.120*** -0.036** -0.095*** -0.046 -0.100*** -0.063** -0.093*** -0.054* -0.093***
(0.016) (0.022) (0.015) (0.030) (0.042) (0.023) (0.026) (0.031) (0.030) (0.026)
Service Worker -0.086*** -0.127*** -0.119*** -0.121*** -0.074* -0.116*** -0.085*** -0.118*** -0.090*** -0.119***
(0.013) (0.021) (0.017) (0.028) (0.037) (0.024) (0.027) (0.024) (0.025) (0.016)
Construction or Mining Worker -0.154*** -0.185*** -0.069*** -0.167*** -0.199*** -0.141*** -0.184*** -0.011 -0.173*** -0.167***
(0.020) (0.032) (0.022) (0.039) (0.052) (0.040) (0.035) (0.029) (0.027) (0.021)
Manufacturing Worker -0.149*** -0.177*** -0.111*** -0.137*** -0.189*** -0.125*** -0.056** -0.142*** -0.128*** -0.094***
(0.019) (0.025) (0.024) (0.029) (0.057) (0.033) (0.028) (0.038) (0.031) (0.023)
Transportation Worker -0.132*** -0.143*** -0.072*** -0.125*** -0.104* -0.119* -0.078** -0.167** -0.156*** -0.113***
(0.024) (0.031) (0.021) (0.038) (0.056) (0.063) (0.036) (0.058) (0.036) (0.024)
Installation or Repair Worker -0.172*** -0.191*** -0.079** -0.135*** -0.043 -0.100* -0.099** -0.088 -0.167*** -0.155***
(0.024) (0.035) (0.030) (0.043) (0.039) (0.050) (0.042) (0.051) (0.032) (0.028)
Farming/Fishing/Forestry Worker -0.135*** -0.188*** -0.063*** -0.149*** -0.119* -0.118*** -0.192*** 0.034 -0.114*** -0.189***
(0.028) (0.031) (0.019) (0.027) (0.059) (0.022) (0.038) (0.061) (0.036) (0.020)
Country + Year FEs Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes
Observations 52607 31514 28912 22404 24393 22649 34805 8889 48212 63496
R-squared 0.075 0.130 0.086 0.083 0.130 0.145 0.064 0.065 0.080 0.083
Countries 21 17 12 9 7 6 21 4 19 36
Standard errors in parentheses adjusted for clustering at the country level. Outcome variables are standardized to have mean=0 and SD=1. Further controls: log income, education level,
marital status, household composition, gender, age and its square. Sample is 21-60 year olds. p < * 0.1 ** p < 0.05 *** p < 0.01.
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Table A4ii: Job Type and Positive Affect Around the World
W Europe C+E Europe CIS SE Asia S Asia E Asia LA + Carib NA + ANZ MENA SSA
(1) (2) (3) (4) (5) (6) (7) (8) (9) (10)
Job Type (v. Professional)
Manager/Executive/Official 0.001 -0.012 0.042 -0.074** -0.064 -0.025 -0.052 -0.037 0.004 -0.079***
(0.011) (0.032) (0.028) (0.035) (0.050) (0.038) (0.039) (0.026) (0.029) (0.029)
Business Owner 0.018 -0.030 0.000 -0.145*** -0.048 -0.014 -0.069*** -0.021 -0.060** -0.097***
(0.019) (0.025) (0.041) (0.031) (0.032) (0.019) (0.019) (0.043) (0.024) (0.020)
Clerical or Office Worker -0.059*** -0.090*** -0.054* -0.070 -0.039 -0.077** -0.045** -0.092*** -0.065** -0.086***
(0.014) (0.026) (0.032) (0.051) (0.039) (0.029) (0.020) (0.027) (0.024) (0.027)
Sales Worker -0.051** -0.233*** -0.164*** -0.216*** -0.136** -0.141*** -0.107*** -0.066* -0.078** -0.109***
(0.020) (0.026) (0.022) (0.048) (0.051) (0.033) (0.023) (0.035) (0.034) (0.025)
Service Worker -0.061*** -0.173*** -0.133*** -0.186*** -0.052 -0.086** -0.094*** -0.061*** -0.104*** -0.139***
(0.013) (0.023) (0.025) (0.041) (0.038) (0.031) (0.021) (0.017) (0.026) (0.024)
Construction or Mining Worker -0.089*** -0.309*** -0.130*** -0.223*** -0.286*** -0.208*** -0.083*** 0.028 -0.247*** -0.160***
(0.025) (0.034) (0.033) (0.058) (0.044) (0.046) (0.028) (0.038) (0.032) (0.026)
Manufacturing Worker -0.131*** -0.289*** -0.147*** -0.190*** -0.180*** -0.140*** -0.061** -0.159*** -0.261*** -0.163***
(0.016) (0.028) (0.029) (0.043) (0.048) (0.042) (0.025) (0.036) (0.041) (0.029)
Transportation Worker -0.090*** -0.288*** -0.154*** -0.287*** -0.212*** -0.236*** -0.123*** -0.079 -0.246*** -0.216***
(0.028) (0.037) (0.033) (0.051) (0.074) (0.076) (0.031) (0.050) (0.039) (0.029)
Installation or Repair Worker -0.036 -0.236*** -0.216*** -0.204*** -0.129*** -0.177*** -0.060* -0.093 -0.146*** -0.203***
(0.031) (0.041) (0.046) (0.046) (0.046) (0.058) (0.033) (0.089) (0.047) (0.034)
Farming/Fishing/Forestry Worker -0.093*** -0.233*** -0.216*** -0.219*** -0.151*** -0.093*** -0.079*** 0.051 -0.207*** -0.199***
(0.024) (0.033) (0.027) (0.034) (0.038) (0.028) (0.029) (0.069) (0.032) (0.022)
Country + Year FEs Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes
Observations 52744 31745 29327 22619 24568 22755 35051 8272 43514 62930
R-squared 0.015 0.068 0.052 0.025 0.060 0.030 0.020 0.016 0.037 0.031
Countries 21 17 12 9 7 6 21 4 19 36
Standard errors in parentheses adjusted for clustering at the country level. Outcome variables are standardized to have mean=0 and SD=1. Further controls: log income, education
level, marital status, household composition, gender, age and its square. Sample is 21-60 year olds. p < * 0.1 ** p < 0.05 *** p < 0.01.
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Table A4iii: Job Type and Negative Affect Around the World
W Europe C+E Europe CIS SE Asia S Asia E Asia LA + Carib NA + ANZ MENA SSA
(1) (2) (3) (4) (5) (6) (7) (8) (9) (10)
Job Type (v. Professional)
Manager/Executive/Official 0.019* 0.051* -0.022 0.053 0.020 -0.024 0.130*** -0.055 0.001 0.052*
(0.010) (0.026) (0.029) (0.047) (0.046) (0.033) (0.041) (0.039) (0.034) (0.030)
Business Owner 0.051*** 0.063*** 0.064** 0.007 -0.057 0.001 0.065** 0.078 0.086*** 0.045***
(0.016) (0.020) (0.032) (0.035) (0.042) (0.020) (0.026) (0.046) (0.023) (0.016)
Clerical or Office Worker -0.024* 0.023 -0.027 -0.010 -0.048 -0.070*** 0.044* -0.013 -0.004 0.015
(0.012) (0.020) (0.025) (0.041) (0.052) (0.014) (0.025) (0.033) (0.022) (0.023)
Sales Worker 0.014 0.090*** 0.027 -0.016 0.039 0.018 0.063** 0.077 0.064* 0.055***
(0.018) (0.022) (0.018) (0.038) (0.057) (0.029) (0.029) (0.048) (0.037) (0.018)
Service Worker 0.021 0.052** 0.010 0.018 -0.039 -0.042** 0.068*** 0.038 0.052** 0.094***
(0.013) (0.021) (0.020) (0.033) (0.042) (0.016) (0.026) (0.028) (0.021) (0.018)
Construction or Mining Worker 0.036 0.131*** 0.009 0.046 0.117 -0.012 0.041 0.007 0.162*** 0.075***
(0.025) (0.032) (0.020) (0.040) (0.074) (0.037) (0.031) (0.043) (0.030) (0.024)
Manufacturing Worker 0.029 0.112*** -0.004 0.044 0.033 -0.032 0.042 -0.090** 0.134*** 0.145***
(0.029) (0.024) (0.022) (0.044) (0.052) (0.032) (0.031) (0.041) (0.039) (0.027)
Transportation Worker -0.014 0.059** -0.006 0.075 0.050 -0.001 0.119*** 0.016 0.206*** 0.099***
(0.030) (0.026) (0.023) (0.049) (0.060) (0.030) (0.035) (0.061) (0.035) (0.021)
Installation or Repair Worker 0.043 0.152*** -0.007 0.036 0.014 0.031 0.073* -0.135 0.123*** 0.158***
(0.028) (0.035) (0.031) (0.058) (0.065) (0.054) (0.040) (0.084) (0.044) (0.028)
Farming/Fishing/Forestry Worker 0.064** 0.118*** 0.022 -0.021 -0.015 -0.030 0.017 -0.082 0.032 0.087***
(0.032) (0.026) (0.020) (0.035) (0.049) (0.025) (0.037) (0.048) (0.043) (0.017)
Country + Year FEs Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes
Observations 52744 31745 29327 22619 24568 22755 35051 8272 39087 61430
R-squared 0.018 0.028 0.022 0.018 0.038 0.024 0.034 0.018 0.022 0.021
Countries 21 17 12 9 7 6 21 4 19 36
Standard errors in parentheses adjusted for clustering at the country level. Outcome variables are standardized to have mean=0 and SD=1. Further controls: log income, education level,
marital status, household composition, gender, age and its square. Sample is 21-60 year olds. p < * 0.1 ** p < 0.05 *** p < 0.01.
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Table A5: Correlation Matrix of Country-Year Averages of SWB Measures
Life
Evaluation
Positive
Affect
Negative
Affect
Job
Satisfaction Engaged Disengaged
Life Evaluation 1
Positive Affect 0.51* 1
Negative Affect -0.17* -0.18* 1
Satisfied with Job 0.73* 0.42* -0.05 1
Actively Engaged with Job 0.09* 0.32* 0.08* 0.30* 1
Actively Disengaged with Job -0.32* -0.47* -0.01 -0.51* -0.51* 1
* p < 0.05
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Table A6: Job Satisfaction and Employment Status
W Europe C+E Europe CIS SE Asia S Asia E Asia LA + Carib NA + ANZ MENA SSA
(1) (2) (3) (4) (5) (6) (7) (8) (9) (10)
Employment (v. employed full-time for employer)
Employed Full-Time for Self 0.057*** 0.069 -0.091** 0.100*** 0.106** 0.058 0.005 0.119*** 0.089*** 0.067**
(0.014) (0.070) (0.042) (0.029) (0.038) (0.044) (0.014) (0.034) (0.031) (0.026)
Employed Part-Time (does not want more hours) 0.058*** 0.003 -0.049 0.075* -0.050 -0.063 0.019 0.095** 0.048 0.046
(0.013) (0.038) (0.032) (0.036) (0.038) (0.061) (0.030) (0.036) (0.034) (0.029)
Employed Part-Time (would like more hours) -0.159*** -0.468*** -0.343*** -0.090 -0.253* -0.071 -0.329*** -0.215*** -0.280*** -0.282***
(0.027) (0.048) (0.052) (0.053) (0.143) (0.047) (0.026) (0.057) (0.048) (0.031)
Out of Labor Force 0.000 0.000 0.000 0.000 0.000 0.000 0.000 0.000 0.000 0.000
Country + Year FEs Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes
Observations 42194 14899 18319 15446 18335 15637 22029 4810 32427 38413
R-squared 0.011 0.052 0.042 0.023 0.068 0.037 0.036 0.020 0.048 0.054
Countries 20 17 12 9 6 6 21 4 18 33
Standard errors in parentheses adjusted for clustering at the country level. Outcome variables are standardized to have mean=0 and SD=1. Further controls: log income, education level,
marital status, household composition, gender, age and its square. Sample is 21-60 year olds. p < * 0.1 ** p < 0.05 *** p < 0.01.
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Table A7: Employee Engagement and Employment Status
W Europe C+E Europe CIS SE Asia S Asia E Asia LA + Carib NA + ANZ MENA SSA
(1) (2) (3) (4) (5) (6) (7) (8) (9) (10)
Employment (v. employed full-time for employer)
Employed Full-Time for Self 0.060 0.077 0.177 0.158 -0.031 0.020 -0.035 0.251 0.067 -0.043
(0.056) (0.101) (0.148) (0.101) (0.133) (0.044) (0.059) (0.193) (0.067) (0.037)
Employed Part-Time (does not want more hours) 0.004 -0.017 0.027 0.022 -0.077* 0.044* -0.007 0.002 0.035 -0.017
(0.012) (0.026) (0.032) (0.055) (0.039) (0.024) (0.038) (0.062) (0.028) (0.026)
Employed Part-Time (would like more hours) -0.028 -0.098*** -0.021 0.002 -0.042 0.011 -0.046* -0.097** -0.006 -0.045**
(0.017) (0.029) (0.034) (0.034) (0.033) (0.023) (0.023) (0.044) (0.030) (0.021)
Country + Year FEs Yes Yes Yes Yes Yes Yes Yes Yes Yes Yes
Observations 58191 32556 24010 11625 11766 17816 28669 7727 29247 28999
R-squared 0.006 0.023 0.026 0.017 0.026 0.010 0.008 0.011 0.008 0.015
Countries 21 17 12 9 7 6 22 4 18 40
Standard errors in parentheses adjusted for clustering at the country level. Outcome variables are standardized to have mean=0 and SD=1. Further controls: log income, education level, marital
status, household composition, gender, age and its square. Sample is 21-60 year olds. p < * 0.1 ** p < 0.05 *** p < 0.01.
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Table A8: Job Satisfaction, Employee Engagement, and Employment Status
Job Satisfaction Employee Engagement
(1) (2) (3) (4) (5) (6)
All Men Women All Men Women
Employment (v. employed full-time for employer)
Employed Full-Time for Self 0.057*** 0.061*** 0.051*** 0.031 0.015 0.047
(0.011) (0.012) (0.013) (0.024) (0.028) (0.037)
Employed Part-Time (does not want more hours) 0.032*** 0.021 0.035*** 0.018* 0.003 0.014
(0.011) (0.015) (0.012) (0.009) (0.015) (0.011)
Employed Part-Time (would like more hours) -0.254*** -0.291*** -0.217*** -0.033*** -0.028** -0.042***
(0.018) (0.022) (0.019) (0.009) (0.012) (0.011)
Country + Year FEs Yes Yes Yes Yes Yes Yes
Observations 222509 125047 97462 251107 139111 111996
R-squared 0.034 0.040 0.028 0.006 0.007 0.006
Countries 146 146 146 158 158 158
Standard errors in parentheses adjusted for clustering at the country level. Outcome variables are standardized to have mean=0 and
SD=1. Further controls: log income, education level, marital status, household composition, gender, age and its square. Sample is 21-60
year olds. p < * 0.1 ** p < 0.05 *** p < 0.01.
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Table A9: Job Satisfaction, Employee Engagement, and Job Type
Job Satisfaction Employee Engagement
(1) (2) (3) (4) (5) (6)
All Men Women All Men Women
Job Type (v. Professional)
Manager/Executive/Official -0.033*** -0.023* -0.045*** 0.011 0.001 0.039**
(0.010) (0.013) (0.014) (0.014) (0.017) (0.020)
Business Owner -0.045*** -0.032** -0.055*** 0.094*** 0.094*** 0.106***
(0.013) (0.015) (0.016) (0.026) (0.030) (0.038)
Clerical or Office Worker -0.065*** -0.050*** -0.075*** -0.119*** -0.102*** -0.134***
(0.010) (0.015) (0.012) (0.012) (0.017) (0.015)
Sales Worker -0.193*** -0.185*** -0.195*** -0.118*** -0.098*** -0.131***
(0.015) (0.019) (0.018) (0.016) (0.020) (0.020)
Service Worker -0.140*** -0.114*** -0.160*** -0.077*** -0.062*** -0.094***
(0.013) (0.017) (0.016) (0.013) (0.018) (0.016)
Construction or Mining Worker -0.240*** -0.232*** -0.200*** -0.087*** -0.070*** -0.168***
(0.020) (0.021) (0.047) (0.016) (0.018) (0.036)
Manufacturing Worker -0.208*** -0.192*** -0.228*** -0.125*** -0.100*** -0.157***
(0.015) (0.018) (0.020) (0.013) (0.016) (0.022)
Transportation Worker -0.184*** -0.178*** -0.144*** -0.141*** -0.126*** -0.209***
(0.020) (0.022) (0.045) (0.018) (0.020) (0.049)
Installation or Repair Worker -0.171*** -0.171*** -0.080 -0.119*** -0.102*** -0.192***
(0.020) (0.021) (0.051) (0.019) (0.021) (0.053)
Farming/Fishing/Forestry Worker -0.208*** -0.196*** -0.228*** -0.138*** -0.115*** -0.163***
(0.017) (0.019) (0.023) (0.018) (0.021) (0.024)
Country + Year FEs Yes Yes Yes Yes Yes Yes
Observations 216024 121847 94177 118153 65947 52206
R-squared 0.032 0.037 0.027 0.010 0.010 0.010
Countries 147 147 147 143 143 143
Standard errors in parentheses adjusted for clustering at the country level. Outcome variables are standardized to have mean=0 and
SD=1. Further controls: log income, education level, marital status, household composition, gender, age and its square. Sample is
21-60 year olds. p < * 0.1 ** p < 0.05 *** p < 0.01.
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Table A10: Subjective Wellbeing and Job Characteristics by Gender
Men Women
(1) (2) (3) (4) (5) (6) (7) (8)
Units
Life
Satisfaction Happiness
Job
Satisfaction
Positive
Affect
Life
Satisfaction Happiness
Job
Satisfaction
Positive
Affect
Wages (Log) 0.070** 0.052** 0.078*** 0.031 0.069* 0.033 0.087** 0.063**
(0.027) (0.021) (0.022) (0.022) (0.038) (0.030) (0.032) (0.025)
Hours of Work (Weekly hours) 0.003** 0.001 0.003* 0.003** 0.001 0.001 -0.002 0.002
(0.001) (0.001) (0.002) (0.001) (0.002) (0.001) (0.001) (0.002)
Responsible for supervising employees (0/1) 0.031 0.016 0.033 0.021 0.036 0.054** 0.033* 0.038
(0.026) (0.027) (0.026) (0.025) (0.028) (0.025) (0.018) (0.031)
High variety in work (Very True=1) 0.054 0.092** 0.218*** 0.120*** 0.101*** 0.072** 0.240*** 0.083***
(0.032) (0.036) (0.028) (0.026) (0.026) (0.033) (0.030) (0.029)
Job requires learning new things (Very True=1) 0.072** 0.073* 0.134*** 0.055* 0.026 0.039* 0.132*** 0.087***
(0.035) (0.037) (0.026) (0.030) (0.018) (0.023) (0.022) (0.028)
Wages depend on effort (Very True=1) 0.019 0.070** 0.003 0.075 0.077* 0.011 0.057 0.052
(0.043) (0.031) (0.027) (0.047) (0.038) (0.052) (0.055) (0.042)
Can get support/help from co-workers (Very True=1) 0.128*** 0.162*** 0.188*** 0.141*** 0.092*** 0.160*** 0.301*** 0.125***
(0.024) (0.027) (0.027) (0.031) (0.023) (0.028) (0.031) (0.024)
Job entails health/safety risk (Very True=1) -0.171*** -0.090* -0.189*** -0.112** -0.140* -0.092 -0.205*** -0.192***
(0.036) (0.049) (0.050) (0.044) (0.081) (0.064) (0.066) (0.063)
Can decide start/finish time (Very True=1) -0.009 -0.017 0.001 -0.021 -0.057 -0.015 -0.029 0.005
(0.028) (0.048) (0.045) (0.039) (0.034) (0.029) (0.041) (0.036)
Job is secure (Very True=1) 0.072* 0.081* 0.231*** 0.107*** 0.126*** 0.125*** 0.155*** 0.072**
(0.035) (0.040) (0.028) (0.028) (0.022) (0.021) (0.033) (0.027)
Job requires very hard work (Strongly Agree=1) -0.037 0.026 -0.041 0.061 -0.039 0.003 -0.016 -0.009
(0.035) (0.044) (0.040) (0.037) (0.045) (0.040) (0.042) (0.040)
Never enough time to get everything done (Strongly Agree=1) -0.056 -0.050 -0.169*** -0.178*** 0.014 0.011 -0.114*** 0.002
(0.048) (0.050) (0.043) (0.038) (0.030) (0.028) (0.038) (0.037)
Good opportunities for promotion (Strongly Agree=1) 0.077 0.099* 0.230*** 0.126** 0.141** 0.051 0.183*** 0.103*
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(0.048) (0.051) (0.046) (0.060) (0.059) (0.053) (0.058) (0.052)
Job prevents giving time to family/partner (Often/Always=1) -0.166*** -0.128*** -0.206*** -0.194*** -0.131*** -0.071** -0.214*** -0.156***
(0.027) (0.023) (0.032) (0.030) (0.034) (0.029) (0.033) (0.029)
Worry about work problems when not working (Often/Always=1) -0.089** -0.067** -0.027 -0.229*** -0.126*** -0.102*** -0.045 -0.175***
(0.034) (0.025) (0.038) (0.038) (0.031) (0.023) (0.033) (0.034)
Too tired after work to enjoy things (Often/Always=1) -0.206*** -0.208*** -0.189*** -0.388*** -0.216*** -0.205*** -0.245*** -0.427***
(0.026) (0.032) (0.033) (0.042) (0.033) (0.035) (0.035) (0.035)
Control over how daily work is organized (8-10/10=1) 0.058* 0.107*** 0.201*** 0.005 0.040* 0.072** 0.186*** -0.032
(0.029) (0.024) (0.033) (0.038) (0.021) (0.026) (0.025) (0.023)
Control over pace of work (8-10/10=1) 0.097*** 0.059** 0.068** 0.048 0.073** 0.075** 0.109*** 0.080***
(0.026) (0.024) (0.031) (0.031) (0.030) (0.033) (0.024) (0.027)
Control over policy decisions of organization (8-10/10=1) 0.030 0.040 0.148*** 0.074** 0.034 0.042 0.087** 0.033
(0.027) (0.027) (0.030) (0.029) (0.039) (0.033) (0.039) (0.040)
Trade Union Member (0/1) -0.011 -0.007 0.078** 0.005 0.053* 0.082*** 0.037 0.028
(0.027) (0.024) (0.034) (0.029) (0.029) (0.025) (0.037) (0.042)
Self-Employed (v. Employee) (0/1) 0.084 0.052 -0.034 0.068 0.023 -0.023 0.038 -0.002
(0.064) (0.067) (0.060) (0.073) (0.039) (0.042) (0.044) (0.042)
Education (Years) 0.007** 0.005 -0.004 0.001 0.001 0.002 -0.014*** -0.005
(0.003) (0.003) (0.004) (0.004) (0.003) (0.003) (0.004) (0.003)
Age (Years) -0.034*** -0.051*** -0.006 -0.037*** -0.057*** -0.048*** 0.003 -0.038***
(0.008) (0.011) (0.010) (0.012) (0.010) (0.010) (0.008) (0.010)
Age^2 (Years^2) 0.000*** 0.001*** 0.000 0.000*** 0.001*** 0.000*** 0.000 0.000***
(0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000)
Observations 5588 5588 5588 5588 5967 5967 5967 5967
R-squared 0.273 0.224 0.213 0.173 0.310 0.249 0.241 0.157
Standard errors in parentheses adjusted for clustering at the country level. All outcome variables standardised to have mean of 0 and standard deviation of 1. Source: European Social Survey:
Round 5 (2010). Further controls: marital status, household composition, migrant status, industry and occupation dummies, country dummies.
* p < 0.1 ** p < 0.05 *** p < 0.01
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Table A11: Gallup World Poll: Summary Statistics
Mean Std. Dev.
Life Evaluation (0-10) 5.444 2.242
Positive Affect (0-100) 68.216 28.986
Negative Affect (0-100) 27.637 29.504
Satisfied with Job (0/1) 0.782 0.413
Actively Engaged with Job (0/1) 0.161 0.367
Actively Disengaged with Job (0/1) 0.186 0.389
Employment Status (all 0/1)
Employed Full-Time for Employer 0.341 0.474
Employed Full-Time for Self 0.158 0.365
Employed Part-Time (does not want more hours) 0.073 0.260
Employed Part-Time (would like more hours) 0.078 0.269
Out of Labour Force 0.280 0.449
Unemployed 0.070 0.255
Job Type (all 0/1)
Professional Worker 0.176 0.381
Manager/Executive/Official 0.051 0.219
Business Owner 0.141 0.348
Clerical or Office Worker 0.107 0.310
Sales Worker 0.077 0.266
Service Worker 0.126 0.331
Construction or Mining Worker 0.048 0.214
Manufacturing Worker 0.057 0.232
Transportation Worker 0.036 0.187
Installation or Repair Worker 0.022 0.148
Farming/Fishing/Forestry Worker 0.158 0.365
Controls
Annual Household Income ($) 26504 956368
Education: Low 0.299 0.458
Education: Medium 0.513 0.500
Education: High 0.184 0.388
Marital Status: Single 0.235 0.424
Marital Status: Married 0.665 0.472
Marital Status: Divorced/Separated 0.061 0.240
Marital Status: Widowed 0.033 0.177
Female 0.534 0.499
Age 38.4 11.3
Children in Household (0/1) 0.58 0.49
Adults in Household (#) 3.00 1.45
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Table A12: Summary Statistics Survey: European Social
Mean Std. Dev.
Life Satisfaction (0-10) 6.707 2.339
Happiness (0-10) 7.117 2.028
Job Satisfaction (0-10) 7.308 1.968
Positive Affect (0-10) 6.283 2.149
Hours of Work 40.529 13.245
Responsive for supervising employees 0.280 0.449
High variety in work 0.329 0.470
Job requires learning new things 0.293 0.455
Wages depend on effort 0.113 0.316
Can get support/help from co-workers 0.358 0.480
Job entails health/safety risk 0.076 0.265
Can decide start/finish time 0.118 0.322
Job is secure 0.297 0.457
Job requires very hard work 0.191 0.393
Never enough time to get everything done 0.100 0.300
Good opportunities for promotion 0.050 0.219
Job prevents giving time to family/partner 0.218 0.413
Worry about work problems when not working 0.250 0.433
Too tired after work to enjoy things 0.264 0.441
Control over how daily work is organized 0.451 0.498
Control over pace of work 0.401 0.490
Control over policy decisions of organization 0.231 0.422
Trades Union Member 0.223 0.416
Log Wages 9.688 1.179
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Table A13: Job Satisfaction Around the World
Country
%
Satisfied
with Job
Lower
95% CI
Upper
95% CI Country
%
Satisfied
with Job
Lower
95% CI
Upper
95% CI
1 Austria 95.1 94.2 96.0 81 Cambodia 78.9 77.3 80.5
2 Norway 94.6 93.4 95.9 82 Pakistan 78.1 76.6 79.6
3 Iceland 94.5 92.5 96.6 83 Jamaica 78.1 74.0 82.1
4 Netherlands 93.8 92.8 94.8 84 Estonia 77.8 76.1 79.5
5 Switzerland 93.7 92.3 95.1 85 Bangladesh 77.7 76.1 79.3
6 Thailand 93.7 92.9 94.5 86 Peru 77.4 75.6 79.2
7 Denmark 93.5 92.5 94.4 87 Croatia 77.1 75.3 78.8
8 Luxembourg 93.4 91.9 94.9 88 Kyrgyzstan 76.0 74.2 77.8
9 Sweden 92.7 91.7 93.7 89 Libya 75.8 71.7 79.9
10 Turkmenistan 91.7 90.3 93.2 90 Romania 75.1 72.7 77.4
11 Ireland 91.5 90.2 92.8 91 Egypt 75.1 73.8 76.3
12 Finland 91.2 89.9 92.6 92 Bulgaria 74.9 72.4 77.4
13 Belgium 91.1 89.8 92.5 93 Turkey 74.9 73.1 76.7
14 Laos 90.7 89.3 92.1 94 Russia 74.6 73.5 75.7
15 Canada 90.5 89.4 91.7 95 South Korea 74.0 71.9 76.2
16 Germany 90.4 89.8 91.0 96 Japan 74.0 72.5 75.5
17 Venezuela 90.1 88.8 91.4 97 Ethiopia 73.7 70.7 76.6
18 Singapore 90.0 88.9 91.0 98 Bosnia Herzegovina 73.7 71.2 76.2
19 Costa Rica 89.9 88.7 91.2 99 Indonesia 73.3 71.9 74.7
20 Australia 89.2 87.9 90.5 100 Albania 73.3 71.0 75.5
21 Cyprus 88.7 86.9 90.4 101 Dominican Republic 72.7 70.6 74.8
22 New Zealand 88.6 87.2 90.0 102 Ukraine 72.3 70.5 74.2
23 Slovenia 88.5 86.8 90.3 103 Lebanon 72.3 70.9 73.7
24 Portugal 88.4 86.9 90.0 104 Myanmar 72.0 67.7 76.4
25 Panama 88.3 86.9 89.7 105 Iraq 72.0 70.0 73.9
26 Spain 88.1 86.8 89.4 106 Belarus 71.6 70.0 73.2
27 Guatemala 88.1 86.7 89.5 107 India 71.5 70.4 72.6
28 Qatar 87.8 86.4 89.2 108 China 71.4 70.4 72.4
29 Oman 87.7 85.0 90.4 109 Angola 71.1 67.0 75.2
30 Kuwait 87.4 86.3 88.5 110 Niger 71.1 69.1 73.0
31 United Kingdom 87.4 86.7 88.1 111 Mozambique 70.8 68.3 73.2
32 United Arab Emirates 87.1 86.0 88.3 112 Macedonia 70.6 67.8 73.4
33 Uzbekistan 87.0 85.6 88.5 113 Central African Republic 70.4 67.5 73.4
34 Poland 86.9 85.2 88.7 114 Iran 70.3 68.2 72.3
35 France 86.0 84.5 87.5 115 Moldova 70.0 68.2 71.7
36 Mauritius 86.0 82.3 89.6 116 Azerbaijan 69.8 67.8 71.9
37 Puerto Rico 85.7 79.2 92.3 117 Montenegro 69.7 67.3 72.2
38 Saudi Arabia 85.7 84.6 86.8 118 Palestine 69.3 67.3 71.3
39 Brazil 85.6 84.3 86.9 119 Cuba 69.1 64.9 73.2
40 Italy 85.5 83.9 87.1 120 Algeria 68.6 66.0 71.1
41 Namibia 85.4 80.9 89.8 121 Serbia 68.5 66.2 70.7
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42 United States 85.3 83.7 87.0 122 Tunisia 68.4 66.6 70.2
43 Malta 85.2 82.8 87.6 123 Chad 67.9 65.3 70.5
44 Malaysia 85.0 83.6 86.5 124 Cameroon 64.9 62.3 67.5
45 Nepal 84.9 83.3 86.4 125 Morocco 64.8 62.1 67.4
46 Kosovo 84.7 82.6 86.9 126 Ghana 63.1 60.6 65.7
47 Bolivia 84.7 83.3 86.2 127 Syria 62.7 60.5 64.9
48 Paraguay 84.5 82.9 86.1 128 Mauritania 61.7 59.5 63.9
49 Sri Lanka 84.4 82.7 86.2 129 South Africa 61.3 59.0 63.6
50 Belize 84.1 79.0 89.2 130 Congo Brazzaville 60.0 56.3 63.7
51 Guyana 84.1 78.7 89.5 131 Nigeria 59.5 57.6 61.5
52 Suriname 84.1 79.2 88.9 132 Sierra Leone 59.2 56.5 62.0
53 Czech Republic 83.1 81.6 84.7 133 Yemen 58.9 56.7 61.1
54 Honduras 83.1 81.4 84.8 134 Tanzania 57.8 55.6 59.9
55 Ecuador 83.0 81.3 84.6 135 Sudan 56.7 54.2 59.3
56 Colombia 82.7 81.1 84.4 136 Liberia 56.6 53.2 59.9
57 Mexico 82.4 80.7 84.2 137 Zimbabwe 56.3 54.1 58.5
58 Hungary 82.4 80.4 84.3 138 Burkina Faso 56.2 53.8 58.6
59 Nicaragua 82.3 80.6 84.0 139 Botswana 56.1 53.2 59.0
60 Argentina 82.2 80.6 83.8 140 Georgia 55.9 53.3 58.5
61 Mongolia 82.2 80.3 84.0 141 Ivory Coast 55.3 50.5 60.1
62 Trinidad and Tobago 82.1 78.8 85.4 142 Zambia 55.2 52.3 58.1
63 Latvia 82.1 80.4 83.7 143 Swaziland 55.1 48.4 61.8
64 Israel 82.1 80.7 83.4 144 Guinea 55.1 51.4 58.7
65 Uruguay 82.0 80.4 83.6 145 Senegal 54.7 52.0 57.4
66 Djibouti 81.9 79.6 84.2 146 Burundi 54.3 51.0 57.5
67 Hong Kong 81.5 79.5 83.6 147 Comoros 54.1 52.0 56.2
68 Philippines 81.4 79.8 83.0 148 Mali 53.7 51.5 55.9
69 Slovakia 81.4 79.5 83.4 149 Gabon 52.5 48.2 56.7
70 Tajikistan 81.3 79.3 83.4 150 Kenya 52.0 49.9 54.1
71 El Salvador 80.9 79.0 82.7 151 Malawi 51.8 49.0 54.7
72 Jordan 80.7 79.1 82.2 152 Rwanda 51.7 49.3 54.1
73 Vietnam 80.0 78.7 81.4 153 Uganda 51.0 48.9 53.1
74 Afghanistan 80.0 78.0 82.0 154 Armenia 50.7 48.2 53.2
75 Bahrain 79.9 78.2 81.7 155 Congo Kinshasa 50.2 46.9 53.5
76 Somaliland 79.9 78.1 81.7 156 Benin 49.3 46.6 52.0
77 Chile 79.8 78.0 81.6 157 Haiti 48.5 45.3 51.8
78 Kazakhstan 79.5 77.8 81.1 158 Madagascar 45.3 42.9 47.7
79 Lithuania 79.4 77.7 81.1 159 Togo 44.8 41.1 48.5
80 Greece 79.2 77.4 81.1 160 Lesotho 44.4 37.7 51.2
Source: Gallup World Poll, 2006-2012. National average percentage of employed respondents between 21-60 years old who reported being
“satisfied” (as opposed to “dissatisfied”) with their job.
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Figure A2: Positive Affect and Job Type by Gender
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Figure A3: Negative Affect and Job Type by Gender
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Figure A4: Job Satisfaction and Job Type by Gender
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Figure A5: Employee Engagement and Job Type by Gender
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73
Figure A8: Unemployment Rates and National Life Evaluation by Region
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2 De Neve and Oswald (2012), Oswald, Proto, and Sgroi (2015), Edmans (2011)
3 The Cantril ladder item to survey life evaluation asks the following question: “Please imagine a ladder,
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